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3. High Resolution
4. Super-Resolution
5. Dong

6. Convolutional Neural Network
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1. Optical Character Recognition

2. Low Resolution
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9. Recursive Connection

10. Attention Based Connection

11. Multi Branch Connection

12. Dense Connected Connection

13. Multi Degradation Handling Connection

14. Generative Adversarial Network
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1. Linear Connection

2. Super-Resolution CNN
3. Up-Sampling

4. Fast SRCNN

5. Residual Connection
6. Very Deep SR

7. Residual Learning

8. Progressive Reconstruction Connection
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1. Mean Squared Error
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1. Scene Text Recognition
2. Bidirectional Long Short-Term Memory
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