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Abstract

The present study examines and analyzes user reviews on the Digikala store with the goal of detecting deceptive
reviews. Initially, user review data were collected and pre-processed, followed by the identification of deceptive
reviews using various machine learning models and large language models. The results showed that deceptive
reviews were mostly written by users with lower credibility, and reviews that received more dislikes had lower
credibility. Additionally, positive reviews were the most frequent, and users who left positive reviews often
received more likes. This study demonstrated that using large language models and machine learning helps
improve the detection of deceptive reviews, enhances the accuracy of user review monitoring systems, and better
identifies valuable and influential users.
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rf Random Forest Classifier 0.8178 0.8934 | 0.8178 | 0.8229 | 0.8174 | 0.6359 | 0.6406 | 0.7680
Ir Logistic Regression 0.7794 0.8816 | 0.7794 | 0.7848 | 0.7782 | 0.5583 | 0.5636 | 1.4760
et Extra Trees Classifier 0.6336 0.6860 | 0.6336 | 0.6396 | 0.6320 | 0.2700 | 0.2740 | 0.4000
ridge Ridge Classifier 0.6175 0.6407 | 0.6175 | 0.6190 | 0.6161 | 0.2339 | 0.2354 | 0.1600
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Ida Linear Discriminant Analysis 0.5385 0.5343 | 0.5385 | 0.5411 | 0.5346 | 0.0783 | 0.0796 | 0.2580
gda Quadratic Discriminant Analysis 0.5203 0.5810 | 0.5203 | 0.5239 | 0.4041 | 0.0091 | 0.0196 | 0.1980
dummy Dummy Classifier 0.5182 0.5000 | 0.5182 | 0.2686 | 0.3538 | 0.0000 | 0.0000 | 0.1380
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