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Abstract

This paper presents a Persian dataset for sentiment analysis of texts published on social media. The dataset
creation process involved several key stages: First, a comprehensive methodology was developed for data
collection and labeling. Next, data was extracted from the Twitter platform using keyword-based methods,
hashtags, and high-engagement accounts. During the preprocessing stage, irrelevant data and textual noise were
removed and corrected. The data labeling process was conducted manually through a crowdsourcing platform,
where each tweet was labeled by three annotators, and the final label was determined based on majority voting.
To ensure quality control, a calibrated dataset was prepared, and inter-annotator agreement was evaluated. The
final dataset consists of over 5,000 tweets labeled as positive, negative, or neutral. Based on the results obtained
from applying various models to this dataset, it can be concluded that this dataset serves as a reliable resource for
developing and evaluating sentiment analysis models in the Persian language.
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